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Abstract. This article aims to explain the principles of the causal methods which study the
cause-and-effect relationships between the variables. The methods gathered in this article
include linear regression analysis, artificial neural networks, fuzzy logic, neuro-fuzzy system,
genetic algorithm-linear regression analysis hybrid system, genetic algorithm-artificial neural
networks hybrid system, genetic algorithm-fuzzy logic hybrid system, and genetic algorithm-
artificial neural networks-fuzzy logic hybrid system. In addition, the strengths and weaknesses
of each method are summarized along with the examples of their applications. The

forecasting efficiency of these methods is compared from the relevant researches.
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3.1.  N15AsIEUNITaAnaLTLdY (Linear Regression Analysis, LRA)
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3.2. Taswinadszamnian (Artificial Neural Networks, ANN)
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